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1. 14 GENLIN syntax command Tnaid format Aald

genlin dependent variable (reference=0) with ind.v1 ind.v2 ind.v3
/model ind.v1 ind.v2 ind.v3

distribution=binomial

link=probit

/print cps history fit solution.

ANDDLINE
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genlin ARaEeN generalized linear model command

dependent variable: Fasautlsnns
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distribution = mxFaegtluuunIInszatsaesnaiialuluusaz a3 Geluntiilu binomial distribution
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link= Warfdunaes Nl probit function
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print: CRERI TN output

CpsS: case processing summary
history: mem@ﬁlﬁmfumm"qﬁu
fit: goodness of fit

solution: uaAsHANlFaINNIg run Tlsunsudnidagil
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2. 1% PLUM syntax command {aed format A9l

plum dependent variable with indv.1 indv.2 indv.3
/link = probit

/print = parameter summary
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plum ﬁ’]’eﬁ{iﬁ‘ﬂﬂ polytomous universal model command
parameter: parameter estimates
summary: mgﬂmmmaaﬁlu d
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3. Categorical Variable Information
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4. Continuous variable information
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5. Goodness of fit table
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